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Ontology for cause-effect chains

Structuring the multitude of phenomena

and their effects and causes alone is an

enormous challenge, currently tackled

by the collaboration on GitHub called

PerCollECT, initiated by TUDa FZD and

VW with the support of SET Level and

VVM. It includes projects for camera,

radar, lidar, and ultrasonic sensors.[1]

Relevance Analysis

In addition, an FMEA-like method called 

CEPRA is proposed to find out which of 

the underlying effects and causes of the 

phenomena are relevant to be included 

in the perception sensor models. [1]

Requirements on functional layers

When the relevant cause-effect chains 

and phenomena are identified, require-

ments on subsequent functional layers 

of the sensor system model are formu-

lated including their acceptance tests 

and validation metrics.

VALIDATION OF TEST INFRASTRUCTURE – FROM 
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Lid_CEP

RA_005

False 

negative 

in object 

list

→ FN features

→ FN detections

→ Not dist. from noise 

→ Low rec. power from o.

→ Reflection by obj. parts

• Materials

• Roughness

• Shapes

• Sizes

• etc.

• Emitter 

wavelength
9

filled by

sensor expert
4

filled by

SUT expert
13

Lid_CEP

RA_008

False 

negative 

in object 

list

→ FN features

→ FN detections

→ Not dist. from noise

→ Low rec. power from o.

→ Attenuation by atm. aer.

→ Absorption by atm. aer.

• Signal distance

• Density of atmosph.

• Material of particles

• Size of particles

• etc.

• Emitter 

wavelength
8

filled by
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9

filled by
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